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Abstract. The CEVOP methodology is a co−evolutionary approach for
planning co−operative/competitive team strategies for homogeneous/
heterogeneous agents. In this paper we describe CEVOP as the planning
module of the SoccerTeam prototype.

1 Introduction

Evolutionary techniques in multi−agent systems [1] are mainly utilised for
reducing exhaustive search in problem domains, such as in planning or learning
through exploring the a search space randomly. For instance for co−operative
learning [4]. Co−evolutionary algorithm enable further to simulate co−operative
and/or competitive structures [3], [11]. However, all approaches consider either co−
operation or competition. We have developed the Co−evolutionary Planning
(CEVOP) methodology that combines both in a single co−evolutionary algorithm
[7], [8]. In the following we describe the co−evolutionary planning approach with
the CEVOP methodology as it is implemented in the SoccerTeam prototype.

2 Planning With CEVOP In SoccerTeam

The principle structures, co−operation, competition, and co−ordination, found in
Soccer game, have explicitly been mapped onto the principle interaction structures
of the co−evolutionary algorithm.

2.1 Populations
The homogeneous/heterogeneous and co−operation/competition structures of

SoccerTeam are depicted in (Figure 1). The co−evolutionary algorithm operates
according this schema of populations and relationships.



Figure 1: Co−operative/Competitive Evolution Of The Four
Homogeneous/Heterogeneous Plan Populations

2.2 Phenotype Structure
A phenotype represents 11 combined game strategies Sp,i, one for each player.

Where p = 1, ..., 11. Each of them consists of i = 1, 2, 3 primitive game strategies
Sp,1, ..., Sp,3 with their relative locations ∆x1,1, ∆y1,1, ..., ∆x11,3, ∆y1,3, one for each
player. The following tuple represents the combined game strategy for player p:
(S1,p, ∆x1,p, ∆y1,p, S2,p, ∆x2,p, ∆y2,p, S3,p, ∆x3,p, ∆y3,p).

3 The Gener ic Co−evolutionary Algor ithm
Following algorithm co−evolves the n = 4 populations according their m

interaction types:
1) For  al l  n=4 popul at i ons
1. 1) Randoml y pi ckup pl an st eps f r om Pi  f or  Ai

2) For  al l  n=4 popul at i ons
2. 1) Cr oss−over  i nsi de Ai

3) For  al l  n=4 popul at i ons
3. 1) Mut at e di st ance val ues i nsi de Ai

4) For  al l  n=4 popul at i ons
4. 1) Cal cul at e Fi t ness Fi  of  Popul at i on Ai

4. 2) For  al l  m i nt er act i on r el at i onshi ps of  Ai

4. 2. 1) Cal cul at e f i t ness Fi j  f or  i nt er act i on of  Ai  wi t h
Aj  ( i  ≠ j )
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4. 2. 2) Fc = Fc + Fi j

4. 3) Fi  = ( Fi  + Fc /  m)  /  2 and Fc = 0
5) I F f i t ness F1 AND . . .  AND Fm sat i sf i ed OR ot her

t er mi nat i on THEN STOP
6) For  al l  n popul at i ons
6. 1) Fi t ness sel ect i on on Ai

6. 2) GO TO 2
A i is the plan population to be optimised. Pi is the set of all possible plan steps of

agent i. Fitness Fi of population A i is determined by accumulating all m fitness
values for interrelationships Fi j: Fi = Fi1 + Fim. Fim represents the co−operation and/or
competition strengths of agent i with the others.

3.1 Overall Algor ithmic Steps
Each CEVOP run returns usually several plans, all for one specific game

constellation. The number of constellations, even for non−continues positions, is
huge. Therefore, the planning process is iterated until the overall grade of success of
SoccerTeam becomes satisfactory in simulation runs. The algorithmic steps of the
CEVOP methodology are given below.

1) Appl y t he Co−evol ut i onar y Al gor i t hm f or  a
Random/ Desi r ed Game Const el l at i on

2) St or e t he Resul t i ng Combi ned Game St r at egi es f or
Pl ayer s i n t he Knowl edge Base of  each Pl ayer

3) St or e t he Resul t i ng Combi ned Game St r at egi es f or
Goal  Keeper s i n t he Knowl edge Base of  each Goal
Keeper

4) I F Soccer Team i s not  Successf ul  i n a Si mul at i on Run
THEN GO TO 1

After a number of iterations, each found combined game strategy will look
increasingly similar to the previously found strategies. Thus, the found set of
combined game strategies will saturate with respect to its successfulness in
simulation runs.

3.2 Combined Evaluated Structures
Implied by the properties plan diversity and interaction type, the structures

evolve in some combinations. These combinations are recapitulated in the
following:
� Each primitive game strategy and its distance values evolve combined to one

player strategy.
� Three primitive game strategies with their distance values evolve to one

combined game strategy for one player.
� 11 combined game strategies evolve combined to one team strategy; one for

each team member.



� Two team strategies evolve combined to one solution for the current game
constellation.

4 Conclusions

The CEVOP methodology produces team plans without explicit specifications of
co−operation, competition, and co−ordination structures, since they are implied by
the algorithm in the planning process. Our goal is to find a set of representative
combined game strategies, which is as small as possible and covers all significant
game constellations. The current weakness of SoccerTeam is that a number of
supporting strategies are required, which must implement the smooth movements of
the agents [10]. CEVOP is generic for dynamic planning in multi−agent systems.
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